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Abstract: Traditional cloud computing trust models mainly focused on the calculation of the trust of users’ behavior. In
the process of classification and evaluation, there were some problems such as ignorance of content security and lack of
trust division verification. Aiming to solve these problems, cloud computing users’ public safety trust model based on
scorecard-random forest was proposed. Firstly, the text was processed using Word2Vec in the data preprocessing stage.
The convolution neural network (CNN) was used to extract the sentence features for user content tag classification. Then,
scorecard method was used to filter the strong correlation index. Meanwhile, in order to establish the users’ public safety
trust evaluation model in cloud computing, a random forest method was applied. Experimental results show that the pro-
posed users’ public safety trust evaluation model outperforms the general trust evaluation model. The proposed model can
effectively distinguish malicious users from normal users, and it can improve the efficiency of the cloud computing users
management.
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